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Abstract: This Paper combines interval- valued 


neutrouphic sets and rough sets. It studies roughness in 
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1.Introduction 


Neutrosophic set (NS for short), a part of neutrosophy 
introduced by Smarandache [1] as a new branch of 
philosophy, is a mathematical tool dealing with problems 
involving indeterminacy 
knowledge. Contrary to fuzzy sets and intuitionistic fuzzy 
sets, a neutrosophic set consists of three basic membership 
functions independently of each other, which are truth, 
indeterminacy and falsity. This theory has been well 
developed in both theories and applications. After the 
pioneering work of Smarandache, In 2005, Wang [2] 
introduced the notion of interval neutrosophic sets ( INS 
for short) which is another extension of neutrosophic sets. 
INS can be described by a membership interval, a non- 
membership interval and indeterminate interval, thus the 
neutrosophic (INS) has the 
complementing NS, which is more flexible and practical 
than neutrosophic set, and Interval Neutrosophic Set (INS ) 
provides a more reasonable mathematical framework to 
deal with indeterminate and inconsistent information. The 


imprecise, and inconsistent 


interval virtue of 


interval neutrosophic set generalize, the classical set ,fuzzy 
set [ 3] , the interval valued fuzzy set [4], intuitionistic 
fuzzy set [5 ] , interval valued intuitionstic fuzzy set [ 6] 
and so on. Many scholars have performed studies on 
neutrosophic sets , interval neutrosophic sets and their 
properties [7,8,9,10,11,12,13]. Interval neutrosophic sets 
have also been widely applied to many fields 
[14,15,16,17,18,19]. 


The rough set theory was introduced by Pawlak [20] in 
1982, which is a technique for managing the 
uncertainty and imperfection, can analyze incomplete 
information effectively. Therefore, many models have 
been built upon different aspect, i.e, univers, relations, 
object, operators by many scholars [21,22,23,24,25,26] 
such as rough fuzzy sets, fuzzy rough sets, generalized 
fuzzy rough, rough intuitionistic fuzzy set. intuitionistic 
fuzzy rough sets [27]. It has been successfully applied in 
many fields such as attribute reduction [28,29,30,31], 
feature selection [32,33,34], rule extraction [35,36,37,38] 
and so on. The rough sets theory approximates any subset 
of objects of the universe by two sets, called the lower and 
upper approximations. It focuses on the ambiguity caused 
by the limited discernibility of objects in the universe of 
discourse. 

More recently, S.Broumi et al [39] combined neutrosophic 
sets with rough sets in a new hybrid mathematical structure 
called “rough neutrosophic sets” handling incomplete and 
indeterminate information The concept of rough 
neutrosophic sets generalizes fuzzy rough sets 
intuitionistic fuzzy rough sets. Based on the equivalence 
relation on the universe of discourse, A.Mukherjee et al 
[40] introduced lower and upper approximation of interval 


and 


valued intuitionistic fuzzy set in Pawlak's approximation 
space . Motivated by this ,we extend the 
intuitionistic fuzzy lower and upper approximations to the 
case of interval valued neutrosophic set. The concept of 
interval valued neutrosophic rough set is introduced by 
coupling both interval neutrosophic sets and rough sets. 


interval 
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The organization of this paper is as follow : In section 2, 
we briefly present some basic definitions and preliminary 
results are given which will be used in the rest of the paper. 
In section 3 , basic concept of rough approximation of an 
interval valued neutrosophic sets and their properties are 
presented. In section 4, Hamming distance between lower 
approximation and upper approximation of interval 
neutrosophic set is introduced, Finally, we concludes the 


paper. 


2.Preliminaries 


Throughout this paper, We now recall some basic notions 
of neutrosophic sets , interval valued neutrosophic sets , 
rough set theory and intuitionistic fuzzy rough sets. More 
can found in ref [1, 2,20,27]. 


Definition 1 [1] 


Let U be an universe of discourse then the neutrosophic 
set A is an object having the form A= {< x: M ago, V aco, @ 
Ac) ^,X € U}, where the functions p, v, о : Uy] 0,1°[ 
define respectively the degree of membership , the degree 
of indeterminacy, and the degree of non-membership of the 
element x € X to the set A with the condition. 
“0 SH Awt V Ac) + д) 3°. (1) 

From philosophical point of view, the neutrosophic set 
takes the value from real standard or non-standard subsets 
of ] 0,1*[.so instead of | 0,1^[ we need to take the interval 
[0,1] for technical applications, because ] 0,1*[will be 
difficult to apply in the real applications such as in 


scientific and engineering problems. 


Definition 2 [2] 

Let X be a space of points (objects) with generic elements 
in X denoted by x. An interval valued neutrosophic set 
(for short IVNS) A in X is characterized by truth- 
membership function p,(x), indeteminacy-membership 
function va(x) and falsity-membership function од (х). 
For each point x in X, we have ћасы, (х), va(x), 
ФА (х) € [0,1]. 


For two IVNS,A= {<x , [ubG) BO , 
[УА CO, УА G9], [оК (х), o 60] > [x EX} (2) 

And B= («x ,‚, 00. ки] . 
[vk (x), v GO], [о (х), oS QO]» | хєх } the two 


relations are defined as follows: 


(DA € Bif and wy (x) < це (х), ue < 
ШО (х) vax) > ув (х) ok (x) > ор(х) ‚ ekG) > of (X) 


Ox (x) > ов (х) 


only if 


(2A = В ifandonly if, р, (х) =u) .va(x) =ув(х) 
‚од (х) =ов(х) for any x eX 


The complement of Ajyns is denoted by Afyys and is 
defined by 


A"-( «x , [оқ(х), өд (х)]> . [17 va) 1 — v&QO] . 
[We (х), un GO] |x eX } 

АПВ ={ «x , [тіп(и (х), р(х), minui (х), цо (х))], 
Гтах(уқ (х) м8 (х)), 

max(v (х) у (х)], [max(@k (x),oE (x)), 

max(oU (x),@¥ (x))] >: xeX] 


AUB ={ «x , [тах(ик GO. (х)), тахи G9. (х))], 
[min(vq (x),vg (х)), 

min(v& (Х) ув (х)], [min(ok (х), о (х), 
min( (x), oY (x))] >: x eX } 


On = (Sx, [ 0, 0],[ 1, 1], [1 ,1] >| x € X), denote the 
neutrosophic empty set ф 


1y = {<x, [ 0, 0] .[ 0, 0], [1.1] >| x € X}, denote the 
neutrosophic universe set U 


As an illustration, let us consider the following example. 
Example 1. Assume that the universe of discourse 
U={xl, x2, x3}, where xlcharacterizes the capability, 
x2characterizes the trustworthiness and x3 indicates the 
prices of the objects. It may be further assumed that the 
values of x1, x2 and x3 are in [0, 1] and they are obtained 
from some questionnaires of some experts. The experts 
may impose their opinion in three components viz. the 
degree of goodness, the degree of indeterminacy and that 
of poorness to explain the characteristics of the objects. 
Suppose A is an interval neutrosophic set (INS) of U, 
such that, 

A = {< x1,[0.3 0.4],[0.5 0.6],[0.4 0.5] >,< x2, ¿[0.1 
0.2],[0.3 0.4],[0.6 0.7]>,< x3, [0.2 0.4],[0.4 0.5],[0.4 0.6] 
>}, where the degree of goodness of capability is 0.3, 
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degree of indeterminacy of capability is 0.5 and degree of 
falsity of capability is 0.4 etc. 
Definition 3 [20] 
Let R be an equivalence relation on the universal set U. 
Then the pair (U, R) is called a Pawlak approximation 
space. An equivalence class of R containing x will be 
denoted by [x]p. Now for X © U, the lower and upper 
approximation of X with respect to (U, R) are denoted by 
respectively R *X and R, X and are defined by 
R, X z(xeU: [x]n € X], 
R*X ={ xeU: [x]p n X + Ø}. 
Now if R*X = R, X, then X is called definable; otherwise 
X is called a rough set. 
Definition 4 [27] 
Let U be a universe and X , a rough set in U. An IF rough 
set A in U is characterized by a membership function u4 
{Шә [0, 1] апа non-membership function v4 :U> [0,1] 
such that 

uA(RX) =1, va(RX)=0 
Or [ил(х), va(x)] = [ 1, 0] if x € (RX) and pa(U -R X) 
=0, va(U-R X)=1 


Or [иа (х), vax] 2 [0,1] if x€eU—-RX, 
0< pa(RX—RX) +va(RX—RX) <1 


Example 2: Example of IF Rough Sets 
Let U- (Child, Pre-Teen, 
Young-Adult, Adult, Senior, Elderly] be a universe. 


Teen, Youth, Teenager, 
Let the equivalence relation R be defined as follows: 
R*- {[Child, Pre-Teen], [Teen, Youth, Teenager], 
[Young-Adult, Adult],[Senior, Elderly] }. 
Let X = (Child, Pre-Teen, Youth, Young-Adult} be a 
subset of univers U. 
We can define X in terms of its lower and upper 
approximations: 
RX = (Child, Pre-Teen}, and RX= {Child, Pre-Teen, 
Teen, Youth, Teenager, 
Young-Adult, Adult}. 
The membership and non-membership functions 
BA4:U2] 1, 0 [ and уд, U>]1,0[ onaset A are 
defined as follows: 

UaChild) = 1, pa (Pre-Teen) = 1 and wg, (Child) = 0, 
ua(Pre-Teen) = 0 

ua (Young-Adult) = 0, ид (Adult) = 0, ua(Senior) = 0, 
ua (Elderly) = 0 


3.Basic Concept of Rough Approximations of an 
Interval Valued Neutrosophic Set and their 
Properties. 


In this section we define the notion of interval valued 
neutrosophic rough sets (in brief ivn- rough set ) by 
combining both rough sets and interval neutrosophic sets. 
IVN- rough sets are the generalizations of interval valued 
intuitionistic fuzzy rough sets, that give more information 
about uncertain or boundary region. 


Definition 5 : Let ( U,R) be a pawlak approximation 
space ,for an interval valued neutrosophic set 


A= {<x , [ид (х), нд G2], [Уд CO, уд G2]. [од GO, oA CO] > 
| x€X } be interval neutrosophic set. The lower 


approximation Ар and Ag upper approximations of A 
in the pawlak approwimation space (U, R) are defined as: 


Ав={<х, [Ay epis (RO, Ay epa 08 О], 
[Vy epe Vk O2), Vy e[x]p{VA (у))), [Му epo (4 02), 
Vy epis 08 (у) Рх € U}. 


Ар={<%, [Му epa ШАО}, Vy epo (HR (у), 
[Лу ер УА (У), Лу ерак (VR СУ), [Ay еру (У), 
Лу epo ЮА (y)31:x € U}. 


Where * A * means * min" and * V * means * max", R 
denote an equivalence relation for interval valued 
neutrosophic set А. 


Here [x], is the equivalence class of the element x. It is 
easy to see that 


[^y eps (HA QD Ay epa ЫС) © [0,1] 
[Vy eps VK О}, Vy epa (vA 23] © [0,1] 
[Vy erto G2), Vy eps GJ] С [0,1] 
And 


0 € Лу ep] (UR О} + Vy epa (VR Q2) + Vy epa (8 Q2) 
<3 


Then, Ag is an interval neutrosophic set 
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Similarly , we have 
[V eps (0 2), Vy epa (У) © [0,1] 
[Ay eps VAO), Ay єх} УА QJ] © [0,1] 
[^y egy (ФА G2, Ay eps (08 023] €. [0,1] 


And 


0 € Vy epi (У) + Лу єр (VR QJ + Ay epa (8 Q2) 
<3 


Then, Ap is an interval neutrosophic set 


If Ap = Ap jthen A is a definable set, otherwise A is an 


interval valued neutrosophic rough set, Ар and Ар are 
called the lower and upper approximations of interval 
valued neutrosophic set with respect to approximation 
space ( U, R), respectively. Ap and Ag are simply denoted 
by A and A. 


In the following , we employ an example to illustrate the 
above concepts 


Example: 


Theorem 1. Let A, B be interval neutrosophic sets and A 
and A the lower and upper approximation of interval — 
valued neutrosophic set A with respect to approximation 
space (U, R) „respectively. В and B the lower and upper 
approximation of interval —valued neutrosophic set B with 
respect to approximation space (U,R) ,respectively.Then 
we have 














i ACASA 

їй. AUB-AUB,AnB-AnB 
ii, AUB=AUB,ANB=ANB 
iv. (А) =(A) =A, (А)= (А)=А 

v. U-U;$ -ó 

vi. If A € B,the nACBandACc B 
vi. ^ А©=(А)© ‚Ас=(А)© 


Proof: we prove only i,ii,iii, the others are trivial 


(i) 


Let A= («x , [uk GO. А (х) 


1, [уд CO, va], 


[ok (x), 09 (x)] >| x € X } be interval neutrosophic set 


From definition of Ар 


Which implies that 


and Ag, we have 


ШО) < i GO < HE) : WYO) < n (х) < u GO for all 


xeX 


vk) > vk (x) = vi(x) ; vU (х) > у(х) > vo(x) for all 


xeX 


wa (x) > ex (x) > eG) ; wf (x) > ox > F(x) for 


allxeX 


U 


(ud; wal, [v уа], [ok og) € (uk НЯ], [vk v 





L U L 


А], [oo 
vp .Hence Ap GA 





,oUp cue, н], [ул ‚Уд [05 ,0 


An 


Gi) Let A= («x , [nk GO, Y) 
[ok (х), o9 ()] >| x € X ) and 


B= {<x, [ug GO. ив CO 


1, [уд ОХ), уд C2]. 


x E X } are two intervalvalued neutrosophic set and 





AUB ={<x , [nag GO. наср G0] 
[055 ОХ), ев ОО] >|хєЄХ} 


‚ Тон ОО, Удов ОО], 


A U B= (x, [max(u; GO , ug G0) ,тах(их(%) , ng (х) LI 


min(vl (x) , vb(x)) min (x) , Ур (х), min(o (x) 


co (x)) min(cX (x) , ор (х))] 
for all x e X 


(х) Viiu] у € le} 


=V {нд(у) v wey) | v € [xl 


= (У uk GD |y є [x 
-(u V HE (x) 


лов C9 =У{ нй us (Ly. € [х]к} 


=V (ux 6D v O) |у € Blr} 
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=(V uà D |y € [xI) V (V ba) Ly € [х]к) 
=(их V ug (x) 
Vacs =A vi ов(У)| у € kr} 
=A PO) ^ vey) | v Є [х]к} 
= (л vA) |у € IXIQ A €^ vey) Ly € Klr) 
=(v4 AvE )(x) 
УловСО=Л{ Viu) у € [х]ң} 
=A Ma0) ^ ув(у)|у € Ele} 
= (л VAO) |y € IXI Л €^ ув(у)|у € ExT) 
-(v& (y) Avg) 96) 
oiz ex us | у € kle} 
=A {®д(у) ^ way) [у € kl} 
= (Л way) |y € IXIQ A (^ o0) Ly € [х]к) 
=(05 A юр )(х) 
wap 07 AC Я ов (| € Exo) 
=A (ox) ^ ve) |у € Xe} 
= (л waly) |y €[xI Л (^ ов(у) Ly € [х]к) 


=(w Лоу X(x) 





Hence, AU B -AUB 


Also for AN B An В forallx E A 





Wing (х) 2ACuliag | у € Klr} 
= Л {KO ^ us [у € [х]к} 
=A ky) ly € Ix) A CV ub) Ly € xk) 
ащ) ли 09 


=(ий A ug)(x) 


Also 
Wang (х) =AL Mina | у € [xa 
= Л {нд(у) ^ u$) [у Є [xad 
=A (Ha) ly € [EI A Cv us) Ly € Ee) 
= (x) ^ ug (x) 
=(ид ^ Hg)() 
Vans (х) -V( vias | y € Klr} 
=V {уд(у) v vey) | v Є Blr} 
=V (уд(у)|у Є [х]к) v (VIO) Ly € [х]8) 
-vi (x) v vg) 
=(vi V ур)(х) 
vane (х) -V( vias | y € Klr} 
=V (vio) v vi |у є kl} 
=V (vay) Ly Є [х]к) V (УУВ(у)|у € Blz) 
=v] (x) v vp GO 
=(vy V Ур)(х) 
Wins (х) =\/{ o as O)| у € Ee} 
=V (o&G v ов(у) [у € xl) 
=V (w0) [у Є kl) V Cv ов(у)|у € Blr) 
=w4 (x) V vp (х) 
=(ю V w(x) 
wans C) =V{ wans O)| y € [Х]д} 
=V {wk(y) V ов(у) [у € Ele} 
=V (08 (у) ly Є Blr) V (V Ly Є[х]к) 


=w] (x) V wp (x) 
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=(оу v рх) 
(iii) 
Mang ®) -VCGU ав 2| у € kr 
=V {нд(у) ^ u$ OD |y Є Ix) 


=(V (HAW ly Є RAV CHa) ly € 
[x]r)) 


= p30) V IgG) 
=W V ne )(х) 
vane) =ЛСУ ney € [x] 
=A (vay) ^ vay) |у є [х1к) 


=(A (VA) Ly Є KID V (Л (ROO Ly € 
[х]к)) 


= v! (x) V у(х) 
=v] V v yx) 
wang (x) Mota (| у € Klr} 
= Л {wg(y) A vey) | y € kl} 


=(A Coa) ly Є [xIg) V (A Cony) ly € 
[х]к)) 


= o (x) V ор(х) 


=(07 V оу )(х) 





Hence follow that AN B = An B.weget AU 
B=AUB byfollowing the same procedure as above. 


Definition 6: 


Let ( U,R) be a pawlak approximation space ,and A and B 
two interval valued neutrosophic sets over U. 


If A =B „then A and B are called interval valued 
neutrosophic lower rough equal. 


If A=B , then A and B are called interval valued 
neutrosophic upper rough equal. 


If A =B , A=B, then A and B are called interval valued 
neutrosophic rough equal. 


Theorem 2. 


Let ( U,R) be a pawlak approximation space ‚апа A and B 
two interval valued neutrosophic sets over U. then 


1. A-Bo AnB-A,AnB-B 





2. A=B AUB-A,AUB -B 
3. IfA-A'andB = B' thenAU B-A' UB’ 
4. IfA-A' and B -B' ,Then 


If AC Band В=ф ,thenA- ф 
If A € B and B-U thenA-U 
If A=@ or В=ф ог then ANB =ф 
If A =U or B =U,then AU В =U 
. A=U&A=U 

10. А=ф &A=¢ 
Proof: the proof is trial 








о 0 NAM 


4.Hamming distance between Lower 
Approximation and Upper Approximation of IVNS 


In this section , we will compute the Hamming distance 
between lower and upper approximations of interval 
neutrosophic sets based on Hamming distance introduced 
by Ye [41 ] of interval neutrosophic sets. 


Based on Hamming distance between two interval 
neutrosophic set А and B as follow: 


а(А,В)== Dea [uk Оч) — uix] + [нд С) — n8 | + 
(х0) = vk (x) + lv (xi) = vB (x)| + |o Gu) = 


WR (x)| + loka) — ур ()]] 


we can obtain the standard hamming distance of A and A 
from 


ан(А,А) = У [Пых Gs) 7 uC) + 1080) - 
на (к) |+ Ivi) -val + [va C) — va) + 


ok) — ex s)| + lox (ху) 7 оя ()1] 
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Where 


Ар={<х, [Ay epis ШК QD. Ay epa (У), 
[Vy epp VA 2), Vy epo (VÀ (21 [Vy epis (0x (2), 
Vy еро (y)}]>:x € U}. 


Ак={<х, [Vy epo UR (у)}, Vy e[x]p {Ha (у)}], 
[Ay epis VK ОУУ}, Ay epp VÀ СУ), [Ay ер (У), 
Лу epp (OR (y)31:x € U}. 


Ui (xj) = Ay epa СУ); НУ (х5) =Ay ера 2) 
vix)" Vy epa (VK О} ; vA C) = Vy epa (A O2) 
wh (x)= Vy epas (ek 23 ; (xj) = Vy epa, (082 
и&(ху)= Vy epas (4 2). ; un G3) = Vy epa CUR) 
ue (x)= Ay epa v 03 : HECK) = Ay epa, (RD 
wh (x)= Ay eps [ok 2) ; 985) = Ay ep (o8 23 


Theorem 3. Let (U, R) be approximation space, A be 
an interval valued neutrosophic set over U . Then 


(D) If d (A, А) = 0, then A is a definable set. 


(2) If 0 < d(A , А) < 1, then A is an interval-valued 
neutrosophic rough set. 


Theorem 4. Let (U, R) be a Pawlak approximation space, 
and A and B two interval-valued neutrosophic sets over U 
. Then 


1. d(A,A) 2d (4,4) and d(A4,4) 2 d (A, A); 

2. d(AUB,AUB)=0,d(ANB,ANB)=0. 

3. d(AUB,A UB) >d(AUB,AUB) 
and dAU B, A UB) >d(AUB,A U B); 
andd( A NB, An B) 2 dAn B, An B) 
andd A NB, ANB) >d(ANB,ANB) 

4. d((A), (4)= 0, d((A), A) =0 , d((A) , A)= 0; 
d((A) , (4)) =0 , d((A) ,,A) 20, d((A) , A) =0, 





5. d(U,U)-0,d($, $) -0 
if A В then (А,В) > d(A, B) and dA, B) > 
d(B ,B) 


d(A , B) 2d( A, A) and d( A, B)= 
2d(A,B) 
7. d(A*.(4)9)- 0, d( Ac. (4)*) = 0 


5-Conclusion 
In this paper we have defined the notion of interval valued 


neutrosophic rough sets. We have also studied some 
properties on them and proved some propositions. The 
concept combines two different theories which are rough 
sets theory and interval valued neutrosophic set theory. 
Further, we have introduced the Hamming distance 
between two interval neutrosophic rough sets. We hope 
that our results can also be extended to other algebraic 
system. 
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